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DQOs for Superfund

Screening Data vs. ouidance
Screening Analytics
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- “I think that in the discussion of
DemonStrathn Of natural problems we ought to begin
" e not with the Scriptures, but with
MethOd App||Cab|I|ty experiments, and demonstrations.”
Galileo Galilei £
(DMA) ¥
e &

¢ Concept founded In SW-846, performance
pased measurement (PBMS) Initiative
LR/ /AW ERAL BV/SW=E4'6/1191S, it

¢ Initial site-specific perfermance evaluation
— Analyticall and direct sensing methods

— Sample designi, sample collection technigues,
Sample preparaten strategies

— [Used 1@ select Infermatien SeUrces ok fieldiand
ofif=site
¢ GeallS terestablishrthat propesed
techinologies and Sstifategies canl provide
IReRmatiGRrapprophatertoImEEL project
GECISIONIClRtERE .



http://www.epa.gov/sw-846/pbms.htm

What to Look For....

¢ Effectiveness- Does it work as advertised?

¢ QA/QC Issues
— Are DLs and! RLs for site matrices sufficient?
— What Is the expected variability? Precision?
— Bias, false poesitives/ialse negatives?
— How dees sample suppert effect results?

— Davalgg il falzitionsiallos gf callziege) feiiiye
GElERSEIS R PIeVIC ENiEIIEWIK Gl
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¢ Matrix issues?

¢ DO collaboerablVve data sets Iead tor the
SAME JECISION

% ASSeSSING| altermative StirategIes as
CONLINGENCIES
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More DMA Benefits

Augment planned data collection and CSM
development

Tlest drive communication and data management
schemes, decision Support Toeols (DSTs)

Develop relationships between visual
observations and! direct sensing teols

Elexipility, ter change: tactics vased! en DIVIA rather
than fullimplementation

Establish mitralf decision 10gIc e DWS
EValuate existing contiract mechanisms

@plmize SegUERCING, stafiiing; lead 9al2ce;
URIIZING COSES
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http://www.brownfieldstsc.org/pdfs/Demonstrations_of_Methods_Applicability.pdf
http://www.brownfieldstsc.org/pdfs/Demonstrations_of_Methods_Applicability.pdf
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Example
XRE Quality Control Procedures

¢ Initial warm-up (30 minutes)
— Energy calibration/standardization checks

¢ Blanks - silica or sand

¢ Calibratien; checks - initial and continuing
— NIST SRS, site specific check samples

¢ Detection limit evaluation and mMenItering
¢ Duplicates - Instrument, sample replicates
o Vieniter fior Inference effects, trenads

o Viatrde effiects, = vamanpility, moeisture
— [R=sibll rFeference lecatien

9 Watchrsampler e decisien Uit a2ty
s \Vatchrdynamic rEnge
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Control Charting Your
Continuing Calibration Checks

MEDIUM STANDARD CONTROL CHART - XRF U1588
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Lead Niton vs. ICP
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3 Way Decision Structure With Region of Uncertainty
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Another Example....

¢ 4 residential backyards screened by XRE
for arsenic with action level off 25 ppm
averaged over yard

¢ Use XRF to determine:

— Whether each yard Is likely alboeve: or helow.
action level;, and

— [ Below, hew many. laheratery samples; are
reguired; te; statistically/ shew: It2
¥ RIS caserXREacis as @€ ok sampling
GESIgN andaVverage derved rem
lalberateRy, resulits
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Here’s what the yards look like:

\rsenic (ppm)
@ 4-9

10-15
2 samples 2 samples 6 samples
16 - 25

26 - 50
o1 -

Fregquency Frequency Dist Freque Frequency Distribution

e average = . O aperage = 10 ppm
e stdev =41 ppm- stdev = O 7 ppm e stdev = 0.7 ppstdev =9 ppm




Lab and Field Analytics
Advancing Superfund

¢ Ultimate goal Is to provide data that
supports development of more efficient
and effective remedies

¢ Higher density collaborative data sets
manage variability: analytical, matrix,
spatial, temporal, even cost

¢ New challenges
— Optimization of remedies
— 1G audits
— Transfer of remedial systems to states
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Facllitated Discussion
Advantages and Limitations
Accessing, Utilizing, Deriving Benefit

¢ Contract mechanisms
& Region success strategjes
» RPNVI/contractor perceptions

¢ Services- Regienal teclhy support,
TESD;, ORID; commerciall SErVICes

¢ Quality assurance/guality, contrel
¢ Decumentaten), Sterage; reperting

¥ Enc daitar USErs), GECISIonS supperted,
collalerabive cata  SEets
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